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Abstract: 
 

Our project focus on restoration of damaged 

human faces and also predicting future facial 
appearence.Many areas, such as face 

recognition and others, use 3D representations 

of 2D images.Many methods for creating 3D 
representations have been implemented and 

developed. Here in our work, we used a 

Generative Adversarial Network(GAN) based 
model for estimating the depth map of a given 

face image.Pix2pix model which is 
Conditional GAN(C-GAN) .We found this will 

be the most robust method. 
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I. Introduction 

 

Machine learning is a class that 

includes generative adversarial networks 

(GANs). It is comprised of two neural 

networks. The first is a generator, which has 

been programmed to produce data or images. 

Another is a discriminator, which has been 

trained to differentiate between realistic and 

unrealistic images.The main benefit of GAN-

based models is that they generate output that 

looks like real 

 
 

data. As a result, they have a wide range of 

applications in the real world. They can create 

text, images, audio, and video that closely 

resemble the properties of real data. Here we 

aim to propose a Generative Adversarial 

Network(GAN) based model for estimating the 

depth map of a given face image.Pix2pix 

model which is C-GAN. 
 

 

II. Literature Survey: 

 
In this paper, they talk about super-

resolution generative network that which 

reconstruct the facial picture and it is based on 

wavelet change wild recognize the face. And a 

target to solve these problem of loss of high 

quality under high and many reputations 

includes the good result picture while 

acknowledging the facial image focusing the 

problem of resolution at good recurrence. This 

SRGAN is newly introduced method to 

decrease the drawbacks by occurring in low 

quality resolution image causes by some 

issues. [1].  
In this paper ,an entangled system 

methodology to solve the issues by breaking a 
substances and its main features of cloud 

picture and tries to give good results by 
resulting blurred to de blurred State. Blur sets 

and includes unpaired image-to-image 

translation incident. It confirms that 
reconstructed output plans to match the similar 

image of the first one. [2] 
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In this paper, the author focused on 

collaborative generative adversarial 
network. It is a novel framework to 

appointing the missing data's in the picture. 
This collaborative GAN solves the 

problem of input image's attribution in 

multiple level picture to picture 
transformation work, allows the generator 

and discriminator to find out the unknown 

are missed details utilizing the perfect 
detail finished over. They said that 

collaborative GAN creates greater quality 
picture then approaches in assortment it off 

picture attribution undertakings. [3]  
The 3D facial replication is process 

of computer vision challenge is lead to big 

causes. In present time systems frequency 

accessing of different facial photos and 

more difficulties methods are present. For 

eg, creating and thick corresponding across 

facial position, explanation and non 

uniform light. In general, these methods 

needs troublesome, inefficient model and 

fits to pipe line. In this paper author 

introduce the CNN with the proper data set 

of 2D picture and 3D facial model to 

address countless these restriction full stop 

the runs solitary 2D facial picture and this 

methodology not require careful plan and 

not sets up pick correspondence between 

pictures, system runs as selfish should 

facial position and can be used to 

reproduce the the full tree d facial math by 

crossing the development. And if it is for 

3D morphable model. They works this 

with normal CNN which performs direct 

backslide of volumetric portrayal of 3D 

facial geometry from 2D picture. They 

likewise exhibit how they connected 

venture of facial landmark 

constrainment.  [4] 

 

In this method author introduced a 

deformable model of 3D facial structure 

and present evaluation, reproducing the 3D 

facial from solitary 2D face picture was 

improved. The main work in 3D facial 

reproducing from a solitary to d facial 

picture was taken profundity cost by 3D 

view from 2D projection. They 

recommended a posture appraisal 

computation depends on algorithm of EM 

which is implemented to facial areas in 2D 

picture which results limit Singh revaluation 

scaling and inside. Then resulting the the pose, 

a deformable model of 3D. The more dense 

concentration between facial areas centres. In 

contrast to fast reviews of old papers till that 

these methods can recognise the spatial 

component. [5]. 

The point of this paper is to perceive and 
individual's facial from one picture or more 

than that of appearance in a video. The 2 
component supported in the recent 

advancement around here. 200 from start to 

finish learning takes utilizing a CNN and the 
accessibility for or future scope to train the 

input data sets. The 2 main thing is one is how 

they show their enormous data set of almost 
2.6 million pictures is accumulated by utilizing 

a mix of automation and now humans are in 
top. Date taken research and compromise 

between pure info and time. Nextly they move 

through an intricacies of trained in the deep 
network and face acknowledgement to carry 

out these technology and framework begins 

finished the o/p of LFW and YTF facial 
benchmark. [6]  

In previously at 3D face position is 

calculated, then that parametric facial results 

the correct shape. In this paper we propose the 

reproducing method which helps in shape 

around the prior, modifying own 3D structure 

assessed nearly, each and every camera and 

cleansing such that intense to increase 

measurement of light accuracy in video 

outlined traces when creating the facial shape. 

The experiment shows that it works very 

speedly and accurately in3d replication.[7] 

This paper is based on newer system 

for testing the GAN in which they train 2 

neural network namely generator(G) which 

helps to catches the information conveyances 

and a discriminative network(D) was learned 

by images given in trained dataset module and 

also have better knowledge than generator. 

Then generator also increases the quality and 

try to fool the discriminator. while compare 

GAN model and two player minmax game, 

They both works as same. The solution already 

exist in both generator and discriminator 

because the generator learned the all image 
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data's from discriminator and 

Discriminator almost one half of it. Then 

the back progation is used because to 

prepare the structure in both generator and 

discriminator multiple facet. While these 

preparation. This model does not need the 

markov chain and unrolled estimated 

deduction organization. [8] 

In this paper, They introduces 
conditional adversarial networks. Here 

there project all about solving the image to 
image translation issues. These companies 

are not just figure out how to setup the 

input to output images, they also did 
additionally to training and also getting 

ready to plan for event of mishap. These 

things also give them a chance to utilize an 
opportunity to deal with issues that would 

typically need an alternative loss equation. 
They shows that there technique is very 

useful and effective in combining or 

merging images from lable map. It also 
reproduce the objects and fill the colors to 

the images. They also used pix2pix 

software in their project. Many of  the 
people try their system by uploading their 

own data. In there community they not use 
hand engineer to their work. By this 

purpose that they get good results without 

passing over their misfortune capacity to 
engineer.[9] 

 
In this paper other focused on 

reestablishing the face picture. So that's 
why he used face and demorphing 

generator adversarial network. This 

method isolated the character's identity of 
transforming and also utilise by symmetric 

double method. There are 2 module for 

reproducing the losses. This FDGAN helps 
to solve damaged image by restoring from 

their recorded facial image by camera 
while face acknowledgement process with 

transformed picture which put away in 

online passport system. They also have a 
both aquest and there are associate details 

also to be stored. There plan's is appeared 

in both test output and in reviews. It 
contain more power to following persons 

associate in face transforming attack in 
crime examination and legal criminology. 

[10]  

The algorithm is used in this paper is to solve 
the facial features of low quality videos and 

this tends to to produce the the present facial 
recognition and detection. This method is 

powerful method because it joins the metric 
learning with lot of Misfortune areas that 
control on different parts of generator G. These 

things helps to upgrade the constancy 
phenomenon of damaged facial by recreating 
the lost highlight. The main strategy they used 

is to show so improvements in facial 
acknowledgement and identifying the faces. 

The data set of Surveillance camera faces used 
in this paper, then single shot scale invariant 
face detector increases the position of face and 

addictive angular margin loss for deep face 
recognition increases area under roc bend 

while acknowledging the face. [11]  
They use and algorithm of hierarchical 

subspace regression. It almost depends on 

compressed face picture fixes. It has 2 parts. 
The first one is to train the data sets and the 
second one is is reconstruction module. The 
picture patches aur detailed and it is little bit 
depth in substation while training module, the 
base used is EO distribution system. For every 
EO centred depth subspace the joint state of 
profound deep subspace is done by K means 
clustering and linear mapping is finished. 
When reconstruction stage, v exact direct 
mapping was applied and it reproduce the the 
recreated output image patch based upon EO 
of input image patch. The brain the output 
points that PSNR and SSIM. It just eliminate 
and hide artefact effectively which increases 
the unique perception. [12]  

The novel GAN is unknown face 

geometry & albedo information. AJGAN is for 

normalise the facial pictures. Bass of lighting 
is additional e added. The unbalance relighting 

with GAN 1. For to get back the facial model, 

AJGAN joins with GAN 2 which fruits that 
front facing enlightened picture to picture in 

more different situations. By stopping the 
blood images because of relating mapping 

which is not obliged that much GAN 2 carry 

out label classified misfortune & includes plan 
of one-hot lighting labels. The lightning labels 

are mingled strongly connected with more 

number of trained pictures are predetermined. 
[13] 

The author of this paper used 
constrained inpainting to reproduce the 
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damaged photos. In some cases facial 

pictures are hidden by some security 
reasons. But full picture of the person is 

needed for to estimate the output. There are 

some procedure to handle this and they are: 
firstly the delivered output picture need to 

be sensible. Secondly those picture must be 
special prerequisites. Thirdly the video info 

consistency must to be maintained. The 

just first shown as special inpainting 
strategy for matching of facial picture that 

can join special prerequisites, like facial 

market areas and they demonstrate that it is 
a robust procedure. The analyst at the point 

propose useful STNGAN to set as an 
picture inpainting method of above more 

picture to video information. The 

experiment on many public data sets says 
that STNGAN is more accessible and good 

for completing spatio brief consistency. 

[14] 

In this paper they Introduce the 

novel generative system based on 2 
generative adversarial network GAN. Then 

the sub conflict GAN is generator and 

parent showdown in GAN. An image 
generator of parent encounter GAN, the 

sub make the novel residuals structured to 

structure those sub confrontation GAN to 
send more extra vagrant important photo 

details to very deeper layer. The parent 
encounter GAN includes both nueral 

networks generator and discriminator of 

the input image. A worldwide and local 
discriminator is useful in reconstruction 

phase for total image’s genral coherency 

when capturing local subtleties. Later, they 
take test to find whether they can beat the 

current status of the art procedures 
subjectively and quantitatively by open 

accessable celebA dataset.   [15] 

 

III Existing System 
 
GAN is used in the current scheme 

(Generative Adversarial Networks). GAN 
also lacks an intrinsic metric for evaluating 
model training and generate complex 
outputs. In GAN, image inversion is both 
difficult and inefficient. GANs are an 
elegant mechanism for generating data, but 
they are difficult to train and generate 
output due to Unstable Training and 

unsupervised learning methods. Main 
problems of GAN models are Mode collapse, 
Non-convergence, Diminished gradient . 

 

Disadvantages: 
 

Non-convergence: These models do 

not converge, and they become unstable as a 

result. Mode collapse: The generator 

destructs, resulting in a small number of 

different samples. Diminished gradient: 

When the discriminator is too efficient, the 

gradient of the generator vanishes, and the 

learner learns nothing. 

 

Overfitting is caused by an imbalance 

between the generator and discriminator in the 

neural network model, making it more 

susceptible to hyperparameter choices. 

 

 
IV. Proposed system 

 

Conditional GANs (cGAN)[8] combine 

input data for output conditioning. We used the 

pix2pix model, which is a conditional GAN, in 

this paper. The generator creates an image, and 

the discriminator distinguishes it from the 

reference image. For the generator, we used U-

net architecture, and for the discriminator, we 

used patch-GAN. Initially the Face datasets are 

collected and trained to GAN networks to 

generate the realistic outputs. Then, generally 

our input image may contains noises, glitches 

effects and more in unstable form. So Image 

noise removal model will reduce noise by 

removing unwanted information from input 

image presently. The trained GAN networks 

will let the generator to generate the images of 

input and get feedback from discriminator. 

Then genrator starts learning to make realistic 

output. Discriminator in a GAN is classifier. 

Discriminator fetch existing image to compare 

and find whether the generated image is looks  

http://www.ijsrem.com/
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realistic. After that face reconstruction 

and prediction of image after 20 years is also 

done. 
 
In our proposed system we merged 

face reconstruction and old face ageing 

module which is used in crime forensic 
department to find criminals damaged faces to 
reconstruct and predict future face appearance. 

 
 

1.Input Module: 

 

In this input modules, By clicking the “Input 

image” Button User can upload the damaged 
face image .Then that input image will starts 

uploading instantly which shown in figure 1 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 

Figure:1 Reconstruction of image  
 

 

2. Face Reconstrution Module: 

 

After Input image uploaded , By 
clicking “Reconstructed image” pix2pix model 

which is a C-GAN starts reconstructing the 
Face images shown in figure 2 and it results a 

Realistic output. 
 

 

 
 
 

 

 
 

 
 
 

 

 
 

 
 

 
 
 

 
 
 

 
 
 

 Figure:2 Reconstructed Image 
 

3.Face Ageing Module: 

After reconstructed the damaged face, user can 

also predict the future appearance of a face 

image. By clicking "Person after 20-30 years" 
Button face aging model starts predicting the 

future appearance of face image and results the 

aged face output which shown in figure 3. 
 
 
 

 

 
 

 
 
 

 
 

 

 
 

 
 
 

 
 
 

 

 
 

         Figure:3 Reconstruction 
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V. System architecture 

 

Initially, ln data input module which 

contains collection of more datasets which are 

used to train the neural network and those data 

are processed in cloud. After the user uploads 

the input image, 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 

Figure : 4 System Architecture 
 

Then that input image enters the 

conditional GAN networks. It will start 

reconstruct the damaged face image. The 

weakly supervised learning method helps to 

train and genrate the outputs easily. Then 

reconstructed image will enters face ageing 

model. It will start predicting the face image 

and results the future appearance of that face 

image. 

 

VI. Conclusion 

We developed a pix2pix GAN model 

for depth estimation of 2D images for 3D 

reconstruction in this paper. Due to the ill 

posed nature of the problem, numerous 

solutions and algorithms have been proposed 

over the years. The Pix2pix GAN is one of 

them. It's a conditional adversarial network-

based approach for image-to-image translation 

that produces more reliable depth estimation 

and 3D reconstruction results. This model was 

chosen because it is more 

 

Face depth estimation and 3D reconstruction is 

an interesting and promising approach that can 

be applied to the medical sector to aid in the 

detection of internal injuries, as well as the 

insurance industry to aid in the assessment of 

car damage. It has been applied to the medical 

sector, where it aids in the detection of internal 

injuries. 
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